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Biplot F1 + F2: 74,00 %
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F1(46,83 %)

Part 2 Multidi ional Techniques for Social Netv

k Data

Some concluding remarks

Relational and attribute data
- to derive ad hoc relational data structures (affiliation and adjacency
matrices)
- to enhance the interpretation of traditional network analysis from a
different point of view:
i) the complementary use of valued graphs defined according to
observed auxiliary information;

i) the possibility to introduce explicative measures joining external
information and relational data

iii) the interpretation of the results as complex data where groups of
actors are defined and interpreted as "second order" individuals
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